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I would like to find a way to combine the data from my time tracker (Timing.app, which tracks my activity on
my Macbook, iPhone and iPad) with health data from my Apple watch (heartrate, temperature, any other
metrics that might indicate level of wellbeing vs anxiety). Ideally we would also use any text created on my
devices to do passive mood tracking (by analyzing the sentiment of my word choices). My goal is to figure
out which apps and websites correlate with greater levels of wellbeing vs greater levels of stress. What
indicators could | use to assess wellbeing vs stress? And what tech approach would be feasible? I'd like
three options: one low-tech (skip the sentiment analysis, build something with Google Sheets/Make.com or
other integration platforms), one mid-tech (create a custom python app or web app but skip the sentiment)
and one high-tech (a custom app WITH sentiment analysis of my text.)

)
ChatGPT

This is a fascinating project that combines data from various sources to analyze and understand the
relationship between your digital habits and your well-being. Let's explore indicators you could use to assess
well-being vs. stress and then delve into the three tech approaches you've outlined.

Indicators for Assessing Well-being vs. Stress

1. Heart Rate Variability (HRV): Higher variability often indicates better stress management and general
well-being.

. Resting Heart Rate: A higher resting rate can be a sign of stress or poor health.

. Sleep Quality: Data from your Apple Watch about your sleep duration and quality.

. Physical Activity Level: Amount of exercise or physical movement.

. Temperature: Variations might indicate stress or health issues.
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. Time Spent on Different Apps: More time on certain apps might correlate with increased stress or
well-being.
7. Mood Tracking: Self-reported mood entries can be very insightful.
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8. Sentiment Analysis of Text: Analyzing the tone and mood of your written communications.
Tech Approaches
1. Low-Tech Approach

e Tools: Google Sheets, Make.com (formerly Integromat), Apple Health, Timing.app
e Method:
o Data Collection: Use Make.com to automate data collection from Apple Health (for heart rate,
temperature) and Timing.app (for app and website usage).
o Data Aggregation: Gather all data into Google Sheets.
o Analysis: Use basic statistical functions in Google Sheets to find correlations between time
spent on different apps/websites and health data.
o Visualization: Create charts in Google Sheets to visualize these correlations.
o Manual Input: You can manually input mood data at regular intervals.

2. Mid-Tech Approach

¢ Tools: Custom Python App, APIs for Timing.app and Apple Health, Pandas for data analysis,
Matplotlib/Seaborn for visualization.
e Method:
o Data Collection: Write Python scripts to pull data from Timing.app and Apple Health using their
APls.
o Data Processing: Use Pandas for cleaning and structuring the data.
o Analysis: Perform more complex statistical analyses (like time series analysis) to identify
patterns and correlations.
o Visualization: Use Matplotlib or Seaborn to create more complex visualizations.
o Mood Tracking: Incorporate a simple interface for manual mood input.

3. High-Tech Approach

¢ Tools: Custom Web/App Development, NLP for Sentiment Analysis, Machine Learning for advanced
data analysis.
e Method:
o Data Collection and Processing: As in the mid-tech approach, but with additional integration
for text data.
o Sentiment Analysis: Use Natural Language Processing (NLP) libraries (like NLTK or spaCy) to
analyze the sentiment of text data.
o Advanced Analysis: Employ machine learning techniques to find deeper insights and predict
stress levels based on data trends.
o Interactive Dashboard: Develop a custom dashboard for real-time monitoring and analysis.
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o Automated Mood Tracking: Use machine learning models to predict mood based on data
trends, supplemented with manual input.

Each of these approaches has its merits. The low-tech approach is more accessible and easier to set up but
offers less depth in analysis. The mid-tech approach strikes a balance, offering deeper insights without the
complexity of sentiment analysis. The high-tech approach, while being the most complex and resource-
intensive, offers the most comprehensive analysis, especially with the inclusion of sentiment analysis for a
more holistic understanding of your digital interactions and their impact on your well-being.

Would | be able to ask for behavioral recommendations or inferences in any of these models, or only the
high-tech version? I'd love to connect the data | collect to an Al that can look at it all and extract the patterns
and recommendations.

)
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You can definitely ask for behavioral recommendations or inferences in all three models, but the complexity
and accuracy of these recommendations will vary depending on the technology level. Here's how each
approach could handle it:

1. Low-Tech Approach

e Behavioral Recommendations:

o Method: The recommendations would be primarily based on simple correlations and trends
observed in the data. For instance, if you notice higher stress levels (indicated by heart rate,
sleep disturbances, etc.) on days when you spend more time on certain apps, the system might
suggest reducing usage of those apps.

o Limitations: The inferences and recommendations would be quite basic and require manual
observation and interpretation of trends.

2. Mid-Tech Approach

e Behavioral Recommendations:
o Method: With a custom Python app, you can program more sophisticated rules and heuristics.
For example, the app can automatically notify you when it detects patterns that have historically
correlated with higher stress.
o Data Analysis: Use statistical analysis or basic machine learning models to detect more
complex patterns and make recommendations. For example, if the system finds that lower stress
levels are correlated with higher physical activity, it might recommend increasing exercise.
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o Limitations: While more advanced than the low-tech approach, it still might not capture the full
complexity of human behavior and well-being.

3. High-Tech Approach

e Behavioral Recommendations:

o Method: This approach can leverage advanced machine learning algorithms and NLP for in-
depth analysis and pattern recognition.

o Automated Inferences: The system can automatically generate complex inferences and
personalized recommendations. For example, it could analyze sentiment trends in your text
communications in conjunction with health data to suggest specific behavioral changes.

o Predictive Analysis: Use predictive modeling to not only analyze current data but also to
forecast future well-being based on current trends. This can allow for proactive
recommendations.

o Al Integration: Integrating an Al component would enable the system to continuously learn from
your data and refine its recommendations over time.

In all three approaches, the key is to define clear parameters for what constitutes well-being and stress
indicators in your context. The more advanced your system, the more nuanced and personalized the
recommendations can become. The high-tech approach, especially with Al integration, offers the most
potential for detailed and dynamic behavioral recommendations based on your data.

| am thinking the best bet would be to wear the Apple watch for a week/month while also logging all my text,
and manually logging my mood every 1-3 hours. Then at the end of the week/month we'd be able to develop
a data model based on which biometrics and which linguistic patterns correlate with different kinds of self-
reported mood (focused, anxious, elated, bored, calm, etc).

)
ChatGPT

Your proposed approach is a sound and effective strategy for developing a personalized data model that
correlates biometrics, linguistic patterns, and self-reported mood. Here's a step-by-step plan to implement

your idea:

1. Data Collection Phase

¢ Duration: Choose a time frame (a week or a month) for data collection. A longer period usually

provides more comprehensive data.
e Wear Apple Watch: Continuously wear your Apple Watch to track biometrics like heart rate, heart rate

variability, temperature, activity levels, and sleep patterns.
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e Log Text Data: Capture all text you create on your devices. This could include emails, social media
posts, messages, and any other written communication.

e Manual Mood Logging: Regularly log your mood every 1-3 hours. Be as specific as possible,
categorizing moods into defined states like focused, anxious, elated, bored, calm, etc. Consistency in
logging is key for accurate data.

¢ Additional Data Points: You might also consider tracking other factors like caffeine or food intake, as
they can influence mood and biometrics.

2. Data Aggregation and Preprocessing

e Compile Data: Aggregate data from different sources into a single database or dataset.
e Data Cleaning: Ensure the data is clean, correctly formatted, and normalized for analysis. For text
data, preprocessing steps like tokenization, stemming, or lemmatization might be necessary.

3. Data Analysis Phase

e Correlation Analysis: Use statistical methods to find correlations between your biometrics, text
sentiment, and self-reported mood. This could involve looking for patterns like higher heart rates
correlating with moods of anxiety, or specific linguistic patterns associated with positive moods.

o Sentiment Analysis of Text: Employ NLP techniques to analyze the sentiment of your text data. Tools
like NLTK, TextBlob, or bespoke machine learning models can be used for this purpose.

e Time Series Analysis: Since you're tracking data over time, time series analysis might provide
insights into how mood and other factors change and correlate over different times of the day or week.

4. Model Development

¢ Predictive Modeling: Develop a model that can predict mood states based on biometric and linguistic
data. Machine learning algorithms like logistic regression, decision trees, or more complex models like
neural networks can be employed depending on the complexity of the data.

o Validation and Refinement: Test the model for accuracy and refine it using a portion of your data set
aside for testing.

5. Implementation and Testing

¢ Real-World Testing: Use the model in real-time to predict your mood based on ongoing data inputs
and compare these predictions with your actual mood.
¢ lterative Improvement: Continuously refine the model with new data to improve its accuracy.

6. Ongoing Usage and Adjustment

¢ Monitor and Adjust: Regularly monitor the model's performance and adjust it as needed. Your mood
patterns and correlations may change over time, so the model should evolve as well.

Considerations
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e Privacy and Security: Ensure your data, especially text data, is stored and processed securely, given
its personal nature.

¢ Subjectivity of Mood: Mood is subjective and can be influenced by many factors. The model might
not capture all nuances.

e Feedback Loop: Consider creating a feedback mechanism where you can validate or correct the
model's predictions, allowing it to learn from any errors.

This approach, while demanding in terms of data collection and analysis, has the potential to offer profound
insights into the connections between your digital habits, physical health, and emotional well-being.

You

OK, once | have that model tuned to measuring mood based on watch data and language use, my real goal
is to see how using different apps or websites affect my mood. So how do | move to the next phase once |
have created my mood model? I'm thinking | want the high-tech version including language capture. So I'm
wondering what | have to run on my macbook to capture all my typing/spoken text (and for that matter, on
my iphone) and if there is a way to do that without degrading performance.

)
ChatGPT

To move to the next phase of analyzing how different apps or websites affect your mood, you'll need to
integrate and analyze data from your devices (MacBook, iPhone) along with the mood model you've
developed. Here’s a step-by-step guide on how to proceed, focusing on the high-tech approach that includes
language capture:

1. Text and App Usage Data Collection
e For MacBook:

o Text Capture: Use a keystroke logging software or script that runs in the background. However,
be mindful of privacy and security concerns. Tools like Elite Keylogger or Amac Keylogger can
record keystrokes, but ensure they are configured to only capture your data without breaching
privacy.

o App Usage Tracking: Timing.app, which you already use, can track the time spent on different
apps and websites.

o Performance Concerns: Lightweight logging applications typically do not significantly degrade
performance. However, continuously monitor your system's performance to ensure it's not being
impacted excessively.

¢ For iPhone:
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o Text Capture: iOS doesn't allow keystroke logging for security reasons. However, you can
manually note the content of significant text-based interactions or use voice-to-text features to
capture spoken text.

o App Usage Tracking: Use Apple's Screen Time feature to track app usage data.

2. Data Integration and Analysis

e Combine Data Streams: Integrate the text and app usage data with the data from your mood model.
This would involve correlating the timestamps of app usage and text creation with mood data.

¢ Analysis: Use data analysis techniques to identify patterns and correlations between app/website
usage, text sentiment, and mood states.

3. Mood Impact Analysis

¢ ldentify Trends: Look for trends like certain apps or websites being frequently used before a change
in mood. For instance, if you consistently feel more stressed after using a particular app, that would be
a significant correlation.

o Text Sentiment Analysis: Analyze the sentiment of the text created before and after using specific
apps or websites to see if there's a noticeable shift.

4. Developing Insights and Recommendations

o Automated Recommendations: Based on the analysis, develop a system that can recommend you
to use or avoid certain apps/websites depending on your current mood or desired mood state.

e Feedback Loop: Implement a mechanism to validate these recommendations. For example, if the
system suggests avoiding a particular app when you're feeling stressed, you can provide feedback on
whether this recommendation was helpful.

5. Privacy and Ethical Considerations

e Data Security: Ensure that all data capture is secure and that your privacy is protected.
¢ Ethical Use: Be mindful of ethical considerations, especially in terms of self-monitoring and data
capture.

6. Technical Implementation

e Custom Software Development: Depending on your technical skills or resources, you may need to
develop custom software or scripts to integrate and analyze this data.

e Consider Professional Assistance: If the project's scope is beyond your technical expertise,
consider hiring a software developer or a data scientist.

7. Continuous Improvement
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¢ lterative Process: Regularly review and update the algorithms based on new data and feedback to
improve accuracy and usefulness.

This high-tech approach, while complex, has the potential to provide valuable insights into how your digital
interactions affect your mood. It combines various data sources for a comprehensive understanding of your
digital well-being. Remember, such a system requires careful consideration of privacy and security, as well
as a commitment to continuous monitoring and improvement.

Social Signal workspace chats aren't used to train our models. ChatGPT can make mistakes.
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